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Empirical Comparison among Classic Bus Arriving Time Prediction
Methods Based on a Large-scale Dataset
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Abstract; As an important measure to improve the level of public transport service, the prediction of bus arriving time can encourage users
to choose public transport and facilitate the scheduling department to make reasonable scheduling. Via the investigation of various exist-
ing methods for bus arriving time prediction, however resulting from using diverse datasets with different scale,the comparisons among
them are not effective, so the intrinsic of bus arriving time prediction model cannot be found. Due to above shortcomings, the most com-
prehensive Beijing bus transportation dataset which includes sundry road conditions and providing reliable accurate platform to compare
the algorithm is built. Based on the Beijing bus transportation dataset, through the analysis and comparison of existing prediction algo-
rithms, as a result, the essential problem of bus arriving time prediction model is found.
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