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Artificial Bee Colony Algorithm for Flow Shop Scheduling
Problem with Mixed Buffering Requirements
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Abstract: The flow shop scheduling is a classical combinatorial optimization problem but the traditional flow shop scheduling is difficult
to be applied to some complex practical problems because it ignores the buffer constraints between different processes. Therefore we pro—
pose a new flow shop scheduling problem with different stage buffering requirements and put forward the discrete artificial bee colony
( DABC) to resolve it. In DABC the permutation based encoding schemes is designed PF_NEH algorithm is used to construct the initial
populations to improve the quality of populations. In employed bee phase on the basis of iterative greedy algorithm the iterated greedy
algorithm with destruction operation of sections is proposed to generate the neighborhood individual. In onlooker bee phase the better and
worse solutions are selected together and Path—relinking algorithm is proposed to make further search. In scout bee phase in addition to
eliminating worse individuals perturbation strategy is designed to jump out of the local best. Effectiveness of the proposed algorithm is
validated through a group of benchmark instances.
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