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Abstract: Common feature selection methods are faced with the problem that the size of feature subset space is difficult to determine.
Taking different £ values their classification effects are quite different. PSO algorithm has the problem of fast convergence and obtaining
the local optimal value instead of the global optimal value. To solve the above problems in combination of the theoretical knowledge of
cloud models we propose a feature selection method based on cloud model. The fitness function is calculated by the accuracy rate evalua—
tion index. The weight is divided into three categories to dynamically determine the inertia weight. In this paper the original feature sub—
set space is preselected using the fuzzy expectation cross entropy and the pre—selected feature subset is used as the original feature space
to adopt an improved feature selection method. According to the size of the fuzzy expected cross entropy the population of particles is
initialized. The iteratively changing threshold serves as an end condition for the control algorithm. The experiment shows that the pro—
posed method is feasible and effective.
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