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Real-time Face Recognition System Based on
Gabor Wavelet and LBPH
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Abstract: Aiming at the limitations of illumination sensitivity and poor robustness for current popular face recognition algorithm in order
to improve the recognition efficiency we propose a real-time face recognition algorithm based on Gabor wavelet and LBPH algorithm.

We first fuse the face feature image obtained by convolution of the face image with the Gabor kernel and concatenate it in the face feature
space and then use LBPH to extract the facial feature of the space and achieve the classification by matching the similarity of the LBPH
histogram sequence. Moreover a real —time face recognition system is established based on ARM platform. As the system uses the
MySQL database to manage face data dynamic management can be achieved. The system achieves 92% recognition rate in self built sin—
gle face database. Compared with traditional algorithm it has higher recognition rate and stronger real-time performance.
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