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Collaborative Filtering Algorithm Combining “S”
Similarity and Relation

YU Xiang CHEN Liang HU Ya-lan WANG Dan
( School of Information Science and Technology Donghua University Shanghai 201620 China)

Abstract: Collaborative filtering recommendation system is one of the most widely used recommendation algorithms but it faces serious
sparseness and scalability. To solve the problem that the sparse scoring matrix is difficult to accurately calculate the similarity the candi-
date set generation and scoring prediction are separated from the flow of the recommendation algorithm. Aiming at the problem that there
are a large number of weak or irrelevant items and low proportion of users’ interest in the candidate set the correlation degree is intro—
duced and the candidate set is generated by using the correlation matrix. In the prediction stage of scoring analysis of the influence of
similarity on recommendation effect and summarization of the existing shortcomings of similarity we propose a fine—grained “S” type
similarity to express the ideal growth curve. The candidate set generation and scoring prediction are fused in the algorithm. The experi—
ment shows that the size of the candidate set is reduced by 1/3 which avoids the calculation of invalid items when scoring and the scal-
ability is improved at the algorithm level. The improved “S” type similarity is higher than the former in the recommendation accuracy
rate. Increased by 4% eased the influence of sparsity on the recommendation effect.
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