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Abstract: Gesture is an intuitive way for human beings to interact with computers. With the development of artificial intelligence technol—
ogy the machine—centric computing mode is shifting toward the human—centered computing mode and the human—computer interaction
( HCI) methods that are natural and in line with human habits are gradually become the focus of current research. An efficient human—
computer interaction system should aim for better recognition accuracy and recognition speed. For this we present a static gesture recogni—
tion method based on depth information including the influence of gesture size lighting and rotation changes. Several common image
feature descriptors such as Hu moment Zernike moment pseudo Zernike moment Fourier descriptor and Gabor feature are comprehen—
sively compared from their respective recognition accuracy and speed. Gesture recognition uses a multi—layer sensor which has a flexible
structure and fast recognition speed. In order to improve the recognition accuracy and reduce the computational complexity the eigenvec—
tors and the neural network are adjusted by the multi—objective evolutionary algorithm based on NSGA~II. In the further exploration of
the recognition of the opponent language the validity of the proposed method is verified.
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