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A Method for Identifying Bad Data of Power
System Based on Spark

ZHU Chang-min, YUE Dong
(Institute of Advanced Technology,Nanjing University of Posts and Telecommunications,Nanjing 210023 , China)

Abstract: The continuous improvement of the informatization and intellectualization of the power grid makes the power data more and
more large, which brings great difficulties to the data processing and analysis. In the application and processing of smart grid big data,
there exists severe challenges in real-time data storage, efficient processing, multi—source heterogeneous data integration and data visual-
ization. It is necessary to conduct in—depth research on these aspects and give full play to the role of big data in ensuring the safe and sta-
ble operation of the power grid. The influence of these abnormal data on the state estimation of modern power system cannot be ignored.
The existing abnormal detection methods of power data fail to fully exploit the data features,and have the disadvantages of complex com-
putation , poor flexibility and low accuracy. At present,the existing prediction algorithms cannot meet the requirements of prediction speed
and accuracy. Therefore,based on big data computing platform, we propose an improved ISODATA clustering algorithm based on Spark
to detect and correct abnormal data. Experiment shows that the proposed method has a better effect on the detection and correction of ab-
normal data,reduces the detection time and effectively improves the accuracy of state estimation.
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