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Research on a Community Structure Detection Method Based on
Bayesian Probability

WANG Gang
(Ankang University , Ankang 725000, China)

Abstracts : Community structure is commonly dynamical , fuzzy and asymmetric. In order to find the community structure and describe the
relationship between members, for the shortcomings of current methods, we try to study a new method of community detection based on
Bayesian probability which has advantages in describing dynamic, causal and fuzzy relations among members. By introducing information
entropy , we propose a community discovery method integrating Bayesian probability. It first calculates the Bayesian probability among
members, studies the Bayesian network construction method, and obtains the asymmetric Bayesian probability matrix between members.
Then according to the nature of relatively stable information entropy in the system, the Bayesian probability between members as probabil-
ity input of information entropy,the variable of information entropy after new members joining is calculated to determine whether mem-
bers belong to the community. Thus, the asymmetrical , dynamic and fuzzy relationships among community members can be described
while the community structure is discovered. Experiment shows that the method is effective.

Key words: community detection ; Bayesian probability ; information entropy ;data mining
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