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Abstract: Real-time detection of moving targets in the scene is of great application value in the fields of public security , military and aer-
ospace. In the motion detection of image processing, the traditional mixed Gaussian model constructs a Gaussian model for each pixel,
and uses the background pixel with stable probability distribution density and other statistical information for a long period to separate the
background region,so as to achieve the separation of background and moving targets. This method is subject to be interfered by noise in
practical use and has high calculation cost. For this, we propose a mixed Gaussian model algorithm for image segmentation based on in-
formation degree. Different mixed Gaussian model are adopted according to different proportions of moving points in the image blocks,
and the image blocks located at the edge of moving target are preprocessed by a separate algorithm. It can not only reduce the influence
of noise in the background area and moving area on the background model, but also realize the detection of moving targets with higher
computational efficiency. The experiment shows that the proposed algorithm is feasible and robust in practical scenario.
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