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Analysis of Individual Influence on Groups in Social Network
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Abstract ; With the rapid development of the Intemnet, the study of the influence of social network nodes has become a hot spot. Influence
analysis has great significance to the understanding of online rumors, information, virus transmission and so on. Current researches focus
on how to evaluate and measure influence,and there is few mechanisms that quantify the impact from individual to group. We regard in-
fluence as a kind of power that can be transmitted along the network,and the impact of individual is the degree of transferring power.
Based on this, we propose an algorithm of the influence of the individual on the group based on the centripetal centrism and node contri-
bution. The comparison between the proposed algorithm with mediating centrality ,k-shell and PageRank , and the propagation experiment
of infectious disease transmission model show that it has effectiveness and accuracy to represent the influence of the individual to the
group. Through the research of node frequency distribution on each interval segment of the influence of the individual on the group, its
value shows power law distribution and has scale-free phenomenon, that is,a few nodes have great influence. Although the number of or-
dinary nodes is large but has small influence generally.
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