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A Multi-source Image Fusion Method of Tower Type Decomposition
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Abstract; Aiming at the deficiency of the infrared and low light level imaging results under certain circumstances, we research the infrared
and low light level image fusion technology. We study the common fusion methods of multi- source images, especially those based on
pyramid decomposition , analyze the advantages of tower decomposition in image fusion, propose the rules and processes of image fusion
based on tower decomposition, and describe the fusion methods based on single pixel and pixel area in detail. The effects of different de-
composition types, different decomposition layers and different fusion modes on the fusion effect of infrared and low light level images are
studied through experiments. It shows that the infrared and low light level image fusion method based on pyramid decomposition can ob-
viously improve image fusion effect in enhancement of image indicators like visibility , information entropy , standard deviation,and aver-

age gradient, and reflect and highlight target information of image extremely while retaining image background information at the same
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time, which is helpful for the subsequent target detection and recognition.
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