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Application and Research of Time Series Model in Satellite
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Abstract: With the rapid development of domestic space industry the number of orbiting satellites has increased. Taking the CAS pilot
project in space science as an example since the launching of the dark matter particle detection satellite in December 2015 there have
been successful launches of the 10 —type returning scientific satellite the quantum scientific experimental satellite and the hard X —ray
modulation telescope satellite. In the future there will also be a astronomy satellite solar wind—magnetic interaction panoramic imaging
satellite and a series of satellite missions and satellite anomaly detection is to ensure the normal satellite orbital operation of the founda—
tion. Based on the time characteristics of satellite telemetry parameters and the satellite telemetry data generated by orbiting satellites for
more than one year in the satellite combining with the background of actual space science satellite operation and control we study the a—
nomaly detection of satellite payloads and put forward a time—series—based satellite payload anomaly detection method which is validated
by an autoregressive moving average ( AMRA) algorithm. The experimental results are satisfactory which provides a sound and effective
on—orbit operation for space science satellite support role.
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