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Abstract: Since the concept of crowdsourcing has been raised it has drawn increasing attention from academia and industry and with the
booming development of mobile internet and smart devices the execution of crowdsourcing tasks has become more convenient and effi-
cient. It can be said that crowdsourcing has become a very promising area of development. At the same time people pay more and more
attention to individual information privacy. Especially in the process of crowdsourcing people do not want to disclose excessive personal
information in order to avoid unnecessary security risks. Therefore it is necessary to consider the privacy protection when designing the
crowdsourcing mechanism so as to ensure the smooth execution of crowdsourcing tasks and protect the privacy data of participants. We
not only introduce the concept and workflow of Crowdsourcing but also introduce in detail the mathematical definition of differential pri—
vacy and implementation mechanisms. At the same time we analyze the application of differential privacy in different crowdsourcing sce—
narios including protection of data provided by users location information of users and bid information of users. By summarizing the ex—
isting research we prospect the future research direction.
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