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Abstract Different linked data sources may provide conflicting descriptions for the same real-world entities due to the autonomy of the

sources , which limits the availability of linked data. Therefore,to resolve the conflicts in linked data has received extensive attention in

semantic web research. According to the three elements of RDF ( resource description framework ) triples,we survey the research work on

conflict resolution of subject, predicate ,and object in linked data respectively. For the subject conflicts resolution ( also called resolving

entity coreference) ,we analyze two typical methods which are based on the semantic inference and the similarity of attribute values re-

spectively. For the predicate conflicts resolution (also called ontology alignment) ,we introduce the similarity—based, structural matching—

based and instance—based methods. For the object conflicts resolution,we present the conflict—ignoring methods and the truth discovery

methods. At present,extensive research has been conducted on the conflict resolution of subject and predicate, but the research on object

conflict resolution is still weak. In this paper,we summarize the challenges of object conflict resolution,including multi—value conflicts,

time—varying data,data replication,and discuss the future research work.
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