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Abstract: The feature extraction of human physiological signals based on conventional statistics is widely used. However, the method
based on the conventional statistical features is not ideal in classifying and distinguishing effect. In order to solve this kind of problem, we
propose a method based on recursive graph and recursive quantitative analysis,and extract recurrence rate ,determination rate and diagonal
structure length of the physiological signal and so on. Neural network (NN ) , K nearest neighbor (KNN) , naive Bayesian (NB) and de-
cision tree (DT) are used for emotion recognition. The experiment shows that the feature in recursive graphs is an effective set of charac-
teristics. Compared with traditional statistical feature extraction, nonlinear feature extraction has less features, but it is better than the
method of statistical feature extraction in the effect of classification. The proposed method improves the problem of the large number of
traditional feature extraction and unsatisfactory effect, which effectively solves the emotional recognition of human physiological signals.
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