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Abstract; In the presented clustering algorithms, the St-DBSCAN is a spatio—temporal clustering algorithm based on density with superior
performance. However,when the spatial distribution is tilted ,the St—-DBSCAN algorithm may produce too long clustering time and poor
clustering effect. Based on the problem,we propose the corresponding solution by using the data center point transfer strategy for three
kinds of data skew in spatial point distribution,and then implement the improved St—-DBSCAN algorithm. In order to verify the proposed

algorithm, the GPS data of taxi of Kunming is used as experimental data for performance comparison, which shows that the improved

St-DBSCAN algorithm is improved in time performance and clustering effect.
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