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Abstract : Based on the traditional ETX routing criterion, we propose an improved ETX routing criterion which establishes a prior location
prediction mechanism by applying Markov mathematical model into ETX routing criteria. Under the situation of wireless Mesh nodes fre-
quent movement, the Markov model is used to predict the geographical location of node at next moment, according to which the original
route validity is estimated. If the original route has failed,reroute the next route to the ETX value until the best available route is select-
ed. In the simulation experiment platform NS-2,the motion speed and business speed of nodes are respectively improved,and the ETX
routing protocol is simulated and analyzed from the three aspects of throughput, packet loss rate and average time delay. Keeping the node
at the speed of 30 m/s,using the improved ETX routing criterion, the average throughput of the network rises by about 40% ,the packet
loss rate and the average time delay reduces by about 30% and 60% respectively. Keeping the nodes’ business at the rate of 25 kbps, by
the improved ETX routing criterion, the average throughput of the network rises by about 30% ,and the packet loss rate and the average
time delay respectively reduces by about 30% and 80% .
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