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A Road Markings Detection Algorithm Based on Aerial Image of UAV
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Abstract: With the rapid development of highway construction, using traditional artificial way to detect breakage of road marking is no
longer applicable. Because of the maturation of UAV aerial image, it is undoubtedly a better way to realize automatic detection based on
aerial images. However, we need to extract the road marking first in an image for automatic detection of road breakage. Based on UAV
aerial image , we propose a road marking extracting algorithm. First, we segment road surface with the color feature and the gradient fea-
ture and then extract connected regions in an image. Next,we combine faster R—CNN algorithm of object detection field with traditional
features such as the color feature and the area feature for filtering the non-marking regions. Finally,we obtain road marking regions as
results. The experiment shows that this algorithm has strong applicability and high efficiency with high accuracy for different roads.
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