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WEN Bi-long,LI Fei,MA Qiang
(School of Computer and Information Technology ,Northeast Petroleum University ,Daqing 163318, China)

Abstract: In view of the orderliness of the organized form of linear texts, it is worthwhile studying to mine the hidden information and
knowledge from the text by dividing the subject content correctly. At the same time, the traditional K—means clustering algorithm will
conduce to a series of problems such as increasing computational complexity, infinite iteration phenomenon or clustering results confu-
sion. For this, we research the traditional K-means algorithm and improve the algorithm of randomly initializing center,based on which
we propose a random uniform initialization center algorithm. This algorithm gives plenty of considerations to the organizational structure
of linear texts. After one central point is randomized,other central points are uniformly determined to ensure the sufficiently division of
the subtopic. Meantime, we adopt an equidistant point categorization under the constraint rules to realize automatic classification under the
limit of text iteration. The experiment illustrates that the proposed algorithm can effectively cut down iteration times and improve the
clustering accuracy when clustering linear texts, obtaining the better clustering outcome at last.
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