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Abstract : Software maintenance has been one of the most difficult, costly and long—term tasks in the software development lifecycle. Ac-
curate prediction of software maintainability can be useful to reduce the cost and improve the usability of software. The process of soft-
ware maintainability research has gone through more than 20 years, but predicting performance and accuracy is still not high,and even fail
to reach the standards that the model prediction is accurate; and summary of the study found that the common problem of imbalance of
data distribution exist in software maintainability, which will directly affect the performance of the model prediction. For this, we apply
decision tree to construct the software maintainability prediction model based on the sampling method, and use the UIMS and QUES data-
sets to conduct the experiment. The result shows that compared with the baseline method and the existing maintainability prediction meth-
od, the MMRE of the UIMS data set and QUES data set is improved by 84% and 61% respectively. And both of datasets achieve the
optimum value 1 of Pred (0.25). The result suggests the proposed method has a better comprehensive performance.
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