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Abstract:LDA topic model is widely used in large—scale document processing and usually used for topic extraction,emotional analysis
and text reduction. These models use the similar expectation maximum algorithm to extract the low—dimensional semantic distribution
from the document collection, and effectively combine each dimension distribution to form the topic. In the model building process, the
initial topic number K is very important for the iterative process and result. In order to solve this problem,according to the characteristics
that the number of frequent words implied in the network community is consistent with the implied topics of document sets, we propose a
method to specify the number of inputs for LDA topic model based on the number of community partition in the frequent word set net-
work. This method builds frequent word pairs of documents, based on which the word co—occurrence network is constructed. And then,
the unsupervised community partition algorithm is used to partition the co—occurrence network ,and the number of communities is used as
the number of topics in the LDA topic model. The experiment shows that this method can automatically specify the number of topic num-
ber K , which significantly improves the precision and recall of topic and makes the independence of topic stronger.
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