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Research on Hierarchical Video Programs Search and Recommendation
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Hangzhou 310018, China;
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Abstract; To efficiently organize video program and enhance users’ viewing experience , we propose a hierarchical search and recommen-
dation method for video programs. Firstly, we upload local video program,import the heterogeneous media information data,and extract
important information such as labels, characters and key frames,and then further collect users’ preferences, viewing records and other in-
formation. Secondly, we analyze the type of entered keywords,determine the central character and video program,and implement hierar-
chical search and display of video programs. Finally, through the users’ preferences, viewing behavior analysis and program clustering , we
recommend preferred video programs for them,and display recommendation results using the hierarchical graph model. To verify the ef-
fectiveness of the method,a software system is developed and the experiment for a lot of users are carried out which shows that the pro-
posed method can significantly enhance the video viewing experience.
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