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A Training Framework for Chinese Name Recognition
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Telecommunications , Nanjing 210023 , China;
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Abstract; Chinese name recognition, as a key technology in Chinese language processing,is widely used in text mining, semantic analy-
sis, machine translation and other fields. The data are becoming massive and heterogeneous in today’ s society ,so the named entity recog-
nition for Chinese names has become one of the hotspots of Chinese natural language processing at this stage. Identification model often
requires a large number of linguistic knowledge of the researchers because most of the existing methods rely on transcendental domain
knowledge and engineering characteristics. In order to reduce or even ignore the dependence on these engineering features,we aim to es-
tablish a more flexible deep neural network architecture which can be through the large—scale unmarked corpus of the internal representa-
tion of learning , making the system reduce or even ignore the impact of these engineering features and using the unsupervised method for
Chinese name recognition. Experiment shows that the model not only has excellent performance but also does not need too much compu-
ting resources, with good effect in the Chinese name recognition application.
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