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Image Segmentation Based on Image Superpixel Analysis

ZHANG Xiao-feng,LIU Xiang—yang
(School of Science,Hohai University, Nanjing 211100, China)

Abstract : Image segmentation is a traditional problem in the field of computer vision and also a key component of image analysis and pat-
tern recognition. The traditional clustering image segmentation method is based on the single pixel attribute, and its segmentation result has
great noise and is unstable. To resolve the above shortcomings,in view of the superpixel with better description of the region information,
which is beneficial to extract the local feature of image and to express the structural information,, we propose an image segmentation meth-
od based on image superpixel analysis. Firstly, single pixel is clustered into superpixel block by SLIC algorithm,and then the superpixel
block is clustered by the density peak clustering algorithm ( DPCA). Changing the image clustering analysis based on the single pixel at-
tribute to the analysis based on the superpixel can improve the stability and accuracy of the segmentation result. After the simulation test,
compared with the SLIC algorithm and DPCA , it is found that the proposed algorithm is more stable and has better segmentation than the
other two methods.
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