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Human Semantic Recognition Model Based on
Video Scene Deep Learning
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Abstract : In order to effectively analyze and integrate the video semantic clues related to human behavior, we propose a human semantic
recognition model based on the video scene deep learning. The model consists of middle layer semantic feature extraction, multi—channel
semantic feature fusion, global fine—tuning and semantic recognition. Firstly,it achieves the extraction of low-level image to the middle
layer feature,and uses the convolutional neural network algorithm to concurrently extract the channel semantics of human identity , human
behavior, and context in video scene key frame set. Then it fuses the middle layer features to the same semantic fusion layer, integrating
those semantics through the multilayer semantic convolutional neural network , and uses the loss function to learn the potential relationship
among the different semantic channels, so as to improve the robustness of human semantic fusion. Finally it fine—tunes the whole network
parameters through the large interval loss function,and uses SVM classifier to complete video human semantic recognition. Experiments
show that the proposed model has a high—accuracy rate on the specific data set,and can effectively recognize the video human semantic.
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Events

(2013) (2013)
A answer the phone in office, 12.5 40.0 80.0
A arrange in office, 59.7 53.3 60.3
A eat in office, 40.3 41.7 66.7
A go in to takesth and go out 48.6 51.7 60.0
A go to work in office, 34.7 41.7 68.3
A look for in office, 65.3 36.7 71.7
A wiping in office, 63.9 66.7 76.7
A sleep in office, 25.0 45 81.7
A take water in office, 58.3 40.0 61.7
A wander in office, 56.9 50.0 66.7
Accuracy 46.5 46.7 69.4
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Fents (2013) (2013)

B ask C and away in office, 12.5 39.6 62.3
B called C away in office, 45.8 44.8 53.5
B and C carrysth in office, 66.7 56.8 48.3
B chat with C in office, 37.5 17.2 57.9
C deliversth to B in office, 20.1 34.5 48.3
B eat and chat with C in office, 50.0 35.8 46.6
Having—guest in office, 37.5 34.1 55.2
C Seek—-help B in office, 16.7 44.8 56.1
Shaking-hands in office, 41.7 32.8 51.7
B showingsth to C in office, 37.5 29.3 64.6
Accuracy 36.6 37.0 54.5
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