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Abstract: The local path planning of mobile robot is a typical application of path planning problem. Local path planning relies on sensors
to acquire environment information when the environment information is unknown. In this paper, we propose an intelligent path planning
strategy combined evolutionary algorithm and fuzzy control algorithm. The corresponding environmental information is obtained by the
image sensor on the robot. Then the environmental information of the mobile robot is identified and classified by using the genetic pro-
gramming ( GP). The global optimal solution can be avoided to distinguish obstacles and goals correctly. Fuzzy reasoning is used to blur
the position and the target position information. The fuzzy rules are set up and the precise drive commands are generated by solving the
fuzzy rules. The simulation shows that the path planning method proposed can realize the accurate identification and classification of the
unknown environment. In comparison with the classification algorithm of GA and the ant colony optimization ( ACO) ,and compared with
the optimal search path by colony optimization and pure fuzzy control algorithm, the proposed method has high efficiency and reliability.
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