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Abstract : Considering the problem of the fractures and poor connectivity of the image edge detection based on the first derivative Canny
operator, we present a method of Canny operator in a given breadth—first algorithm. Here, the edge of the image is optimized on the basis
of Canny operator by using of connecting edges to reduce the image edge detection end split. By adjusting the threshold, it is shown that
the algorithm can connect the endpoints effectively, while not increasing the number of false edges. It can actively predict the edges,and
do not rely on the image gradient and the image itself, thus the tiny fracture edges can be successfully connected. The recall and connected
component of optimization algorithm have been quantitatively evaluated at the same time. The research shows that the algorithm can re-
duce the image breaking points under the Canny operator detection,enhance the accuracy of the Canny operator and improve the connec-
tivity of the edge image.
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