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Abstract; Traffic prediction is helpful to optimize the allocation of network resources. With the development of computer technology , the
characteristic of network traffic is very complex,so it is an inevitable trend to forecast by using intelligent algorithms based on artificial
neural network. However, the research of artificial neural network mainly focuses on the algorithm, traditional hardware implementation is
not easy to expand and maintain. In order to change the situation that the artificial neural network can’ t meet the requirement of real—time
processing and customized neural network prediction hardware isn’ t flexible enough, we design a method of traffic prediction based on hi-
erarchical reconfigurable perceptron network , which is used for the traffic prediction by constructing parallel perceptron based on the on—
chip network technology of the multi—core processors, modifying the hierarchical perceptual network structure and configuring different
activation functions. Finally the simulation verification is carried out on the FPGA platform. Tests show that the method is flexible and has
high prediction accuracy and good real-time performance.
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