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An Improved New Bat Algorithm

LYU Zhao-ming ZHANG Ying—jiang
( School of Computing Hubei University of Technology Wuhan 430068 China)

Abstract: Based on the experimental study of the basic bat algorithm and other groups of intelligent optimization algorithms it is found
that the basic bat algorithm is easy to fall into the local optimum and the accuracy of the solution is not high.The bacterial foraging algo—
rithm has the advantages of parallel search and jumping out of local minimum easily from group intelligence algorithm.Because the basic
bat algorithm is not sufficient to search the solution space the probe disturbance factor is put forward.In addition the bat algorithm lacks
the inheritance of the parent.For this we use respectively the linear descent inertial weight the random inertial weight and the adaptive in—
ertial weight to compare the performance of the bat algorithm which shows that the accuracy of the random inertia weight is highest.
Based on the above analysis we propose an improved new bat algorithm which combines the chemotaxis operator of the bacterial foraging
algorithm to improve the local search ability of the bat algorithm increases the probabilistic perturbation factor to improve the accuracy
and sufficiency of the algorithm and adopts the inertia weight to equalize ability of exploer and exploit in the algorithm.To verify the per—
formance of the improved algorithm several high quality classical functions are selected to test.The experiments show that the proposed
bat algorithm improves the performance compared with the basic bat algorithm and particle swarm algorithm.
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