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Research on Fall Detection Based on Kinect

YANG Zhang-zhen
(School of Telecommunications & Information Engineering ,Nanjing University of
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Abstract: Aiming at the problem of low efficiency and poor real-time performance of traditional video detection technology , we propose
to judge and identify the human body’ s fall based on Kinect somatosensory equipment. In this paper,the human body is located within
the detection range of Kinect,and the location information of human skeleton images and human joint can be acquired by the processing
of depth images from the Kinect. Referred to the two bone points on the left and right shoulder, with the center of them as the object, we
calculate the parameters like spatial position,relative position in the center node of two shoulders in real-time by Kinect bone tracking
technology and displacement variation between the center points of the two shoulders out of different frames. Combined the angle between
the displacement vector and the axis Y in the coordinate system of O — X, Y, Z and the displacement variation as the conditions, it is neces-
sary to judge whether the human body has a fall event. Experiments show that in the indoor environment, the proposed method can realize
the automatic real-time detection of the human body’ s fall,and uses the depth information and the skeletal information to judge the fall
behavior, which can effectively protect the personal privacy of the parties in the monitoring environment.
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