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A Comparative Study of Two Improved Remote Sensing
Image Classification Methods

LIU Liang—liang' XIE Fei' MENG Ming'*
( 1.School of Resource Environment and Earth Science Yunnan University Kunming 650000 China;
2.Yunnan Institute of Geography Kunming 650000 China)

Abstract: In the segmentation of remote sensing images the texture feature is an important feature in the classification of the feature class.In
this paper we propose a method of using remote sensing image classification based on Bayesian formula. According to judgment rule we
choose the one with the greatest probability of improvement as the result of the decision classification.In contrast an improved K —mean algo—
rithm based on Daubechies] wavelet is proposed.The two—dimensional single—scale wavelet transform is used to decompose the image pixels
into different dimension spaces.The average energy value of each sub—block band of each image is used as a feature component for fusion.
Finally wavelet transform is used to restore the classified image. We implement the algorithm by MATLAB 2010a software and carry out the
experiment based on the remote sensing image data of Haikou Town Dianchi Lake Basin Yunnan Province.At last the results are qualitative
analysis and quantitative evaluation.The results show that two kinds of remote sensing image segmentation algorithm have a better effects in
the object classification of high—resolution remote sensing image.
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