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Abstract: As a expression of human emotions in face emotion contains a lot of useful information about human emotions and mental activi—
ty.Emotional recognition is to be analysis of the information and classify them correctly.Presently emotion recognition has become a new fo-
cus of Internet and related industries which has a good application prospect in emerging smart home emotional robots and others. Therefore
on the basis of analyzing existing research the convolutional neural network support vector machine and Adaboost are taken as object based
on Cohn-Kanade expression library.The optimal structures of each algorithm are obtained respectively through design of algorithm structure
and parameter optimization and a comparison on them is made according to the recognition process and recognition result. Experiment shows
that convolutional neural network has the best recognition result while Adaboost has the minimal processing time and support vector ma—
chines somewhere in between.Research and performance analysis of facial expression recognition algorithm provides a reference for the appli—
cation of facial expression recognition.
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