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Abstract: With the rapid development of wireless LAN we are more dependent on wireless access point to access the Internet with multiple
devices at the same time so the information security of wireless network is also prominent.It can improve the security of wireless network
from the source to locate the rouge AP.In this paper we use two characteristics of skewness and kurtosis to identify the direct path by com—
parison of the received fine—grained channel state information ( CSI) based on the shape and based on the statistics. After identification the
line—of-sight path information of the CSI amplitude is used for distance estimation and positioning.Comparing the effective CSI commonly
used of the weighted average of the value this method has clear path information and eliminates the effect of multipath signal interfere so that
it is more stable to signal and more accurate in positioning. We implement the LOS—based localization on commercial 802.11n NICs and
then evaluate its performance in two typical indoor scenarios.According to the experiment we can find that the accuracy of distance calcula—
tion can be significantly enhanced by proposed method.
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