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A Human Action Recognition Method Combined with Codebook
Optimization and Feature Fusion
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Abstract: In order to improve the accuracy of human actions recognition in video sequence we present an actions recognition method which
combines two—level K—means clustering with video—level descriptor feature fusion.Firstly the space—time interest points extracted by video
in training set are described by histogram of oriented gradient ( HOG) and histograms optical flow ( HOF) and the descriptors of different
video and different kinds of motion video are formed their representative visual vocabulary respectively through K—means clustering with two
levels thus improving the expression of the codebook.Taking the descriptors of HOF and HOG as the input of the bag of word model respec—
tively the two different global expressions of video are obtained and fused in features.Due to the high correlation when the descriptors of
HOG and HOF forming the characteristics of the video expression level the fused features are distinguishing and robust in classification.Fi—
nally the support vector machine ( SVM) is adopted for classification and recognition to characteristics of fusion.The experiments show that
the proposed method can improve the accuracy of recognition effectively.
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