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Abstract: It must be solvable for effective acquisition reasonable storage efficient and accurate analysis of the large amounts of data from in—
telligent city system and then providing the reasonable support for decision—making in the construction of intelligent city.For this combined
with currently mainstream data analysis technologies we propose a data analysis solution of Kettle+Hive+Tableau for intelligent park on the
basis of fully understanding the functional requirements and performance requirements of the intelligent park data analysis system.The system
is of better availability stability and efficiency as well as excellent scalability and portability which is not only suitable for the data analysis
of wisdom park but also widely applied to the analysis of data from intelligent information system.In addition it has high universality.
Through the application of ETL tools and data visualization tools it minimizes the writing code in the development of data analysis system
which can be applied to most of the information system with data analysis needs and lots of data.
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