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Research on an Improved Vehicle Routing Scheduling Algorithm

TANG De-quan, SHI Wei-qi
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Abstract; In view of the extensive research problem of vehicle routing scheduling presently,in order to handle data collection services from
multiple data sources and meet the requirements of data collection system in easy deployment and low cost, it is necessary for traditional vehi-
cle routing algorithm such as tabu search and forward insertion heuristic to be improved. In this paper we construct the vehicle routing sched-
uling module of large data knowledge service platform by advantages of big data platform to multi—source data calculation. First, vehicle rou-
ting problem is described. Secondly , the structure of vehicle routing scheduling system of big data knowledge service platform is designed. At

last,a vehicle routing scheduling algorithm based on big data knowledge service is presented. The correctness and validity of the algorithm

are verified by data simulation,and its time performance is superior to the traditional vehicle routing algorithm.
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