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A New Algorithm for Solving Minimum Cost Flow

JI Ya—jin,LIU Yan-qing,ZHAO Li-feng

(School of Science,Nanjing University of Posts and Telecommunications, Nanjing 210023 , China)

Abstract; The network minimum cost flow is a classical two—objective optimization problem,in which the graph theory mainly has the
negative cost loop algorithm and the least cost path algorithm. The minimum cost path ( Busacker—Gowan) algorithm needs to search
once before each increment of the flow value, resulting in high complexity and it is augmented on the basis of the residual network which
makes some redundancy when calculating the minimum cost flow of the predetermined flow value. Aiming at these problems,a new algo-
rithm is proposed to solve the minimum cost flow. First it searches out all the source—sink cost paths by improved Dijkstra algorithm ,and
augments the flow values in the remainder network which is simpler than residual network so that the time efficiency of the algorithm is

improved. In the simulation, the proposed algorithm is identical with the classical algorithm on computing results in the ER stochastic net-
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work, and it has less runtime than the latter in both sparse and non-sparse networks, more suitable for sparse networks.

Key words: minimum cost flow ; Dijkstra algorithm ;remainder network ; ER stochastic network
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