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Abstract : Existing Web service recommendation algorithms based on collaborative filtering uses quality of services of non-functional attrib-
ute. However, they make a prediction directly by means of QoS data from all users without considering the preferences of them, which lead to
unreal similarity in selection of similar neighbors and further affect the accuracy of QoS. In view of that,we propose an improved collabora-
tive filtering algorithm based on users preference. It takes the preferable data of users in QoS as the standard of similar neighbors,and then i-
dentifies the similar neighbor sets of target users or services by top—k algorithm. Finally, the Pearson correlation coefficient is used to predict
the QoS of targets users or services in combination of preference ratio of similar neighbors. The experiment shows that the algorithm proposed
can effectively improve the accuracy of QoS,thus enhancement of the recommendation quality of Web service.
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