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Abstract; According to the unique characteristics of the data stream, with consecutive grouping statistics based on window model in the data
flow as application scenarios,combined with the advantages of mainstream stream data processing platform like Storm and Spark Streaming,
we propose a distributed statistical model of data stream with high throughput and scalability as well as low latency ,namely Mars. It solves
the problems of strong throughput and low latency due to losing data easily and strong timelessness. On the fault—tolerant, Mars provides at
—least—once semantic support against major errors. It is tested in real experiment environment and made a comparison with the currently pop-
ular distributed flow processing platform Spark Streaming and Storm, which show that it is between them in real-time operation delay for da-
ta. However, in terms of the scale of the cluster,Mars’ throughput rate is significantly better than that of the two,and in terms of semantic

accuracy , it achieves the semantic limits of the same level as Storm.
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