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Abstract; The problem of sparse information is easily found in the information search for new user in recommendation system,and the
difficulty is produced when recommending the relevant module for users. In view of the problem,the maximum expectation algorithm in
demographics is adopted to cluster users for neighboring users,and then it is regarded as input of collaborative filtering algorithm. As the
user’ s scores on different projects show that they demand, in the evaluation of the project from same user there is certain demand rele-
vance. And this kind of relevance degree is gradually changing with the change of individual demand. Therefore, a cooperative filtering al-
gorithm based on the change of user demand is put forward by introducing a time weight function, which alleviates the shortness of tradi-
tional cooperative filtering recommendation algorithm. Can track the needs of users,and then predict the score matrix. According to exper-
iments comparison, this algorithm can help solve the problem of sparseness of user’ s scoring matrix and the recommendation quality is
improved.
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