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Abstract : At present, there is little research on binary image super—resolution reconstruction. Binary image is widely used,but that of low
—resolution will result in identification difficulties. In view of this, with deep research on binary image super—resolution reconstruction
based on sparse representation,a super—resolution reconstruction algorithm for binary image is proposed. On the one hand, obvious fea-
tures of the binary image are analyzed,and the edge and texture features of that are extracted to represent its high frequency information
more accurately. Therefore , more priori information is provided,and the reconstructed quality of binary image is improved. On the other
hand, for the different types in binary images,such as two—dimensional bar code and text,the clustering algorithm is integrated into dic-
tionary learning,so that the learned dictionaries are more suitable for different types of binary image. Experimental results show that the
proposed algorithm has a good effect in reconstruction for the binary image, with a certain robustness against noise.
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