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Abstract: Vehicle license plate recognition has already been a mature technology. However, due to the complicated strokes in Chinese
character and bad shoot environment by the remote location, the image quality of Chinese character is too bad to recognize, which is diffi-
cult for the vehicle license plate recognition, especially for Chinese character recognition. The dictionary learning method based on Fisher
discriminative criterion is proposed to extract the Chinese character features. In order to extracting features of Chinese character from dif-
ferent aspects, three dictionary learning models are trained by different training samples and through them, three different residual informa-
tion are obtained which are integrated by Softmax for final recognition results. The practical tests show that compared with the traditional
Chinese recognition methods, it can own better recognition effect in Chinese character of fuzzy vehicle plate since the use of dictionary
model based on Fisher discriminative criterion with more strong distinguishing and adopting three dictionary learning models to extract
features for same Chinese character at the same time.
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