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Research on Topic Crawling Strategy Based on Semantic Tree and VSM

ZHANG Jin,NI Xiao—jun
(College of Computer,Nanjing University of Posts and Telecommunications , Nanjing 210003 , China)

Abstract; Topic crawler is mainly adopted to solve the customized search needs of users, that is to select the concerning topics of users for
crawling quickly, effectively and accurately in the growing network data. In order to improve the accuracy of crawling specific informa-
tion, the relevance of the content of the page needs to be subject—related judgments while the main concern of the topic crawler is the cor-
relation calculation. But the most of the existing improved algorithms adopt techniques like artificial intelligence and machine learning,
which not only improve their complexity ,but also own limitations in effect enhancement. Therefore, a topic crawling strategy based on se-
mantic tree and VSM is proposed and the semantic similarity calculation is added to the content relevance calculation and link ranking to
optimize the subject discrimination of relevance through the improvement of detail of the algorithm in the strategy. Experimental results
show that it can always keep the crawl course in the link of the web page with high relevance, which has effectively classified the web

links relevant or not and significantly improved accuracy of crawling.
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