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A Recommendation Algorithm of Location Service Based on User Interest
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Abstract; With the increase of consumers and merchants,information pushing services based on consumers’ localities are deemed to go
through information explosion and communication overload. Locality service recommendation based on consumers’ interests is an effec-
tive method to deal with information misleading between consumers and merchants stemmed from the information overload. In order to
solve the problem mentioned above, after the individual recommendation system based on mobile locality has been researched on three as-
pects, locality service technique,consumers’ interest model and individual recommendation algorithms respectively as well as the status of
investigation on individual recommendation and contrast analysis on various recommendation algorithms. Based on Bayesian theory,an in-
dividual recommendation algorithm suitable for mobile location services is proposed, which can predict consumers’ consumption interest
accurately in a certain scenario. In order to verify its effectiveness and feasibility ,a series of simulation experiments for verification have
been conducted with the established recommendation system, which show that it has provided efficient individual recommendation services
to mobile consumers.
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