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Face Detection Based on LBP and SVM
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Abstract: As an important content of machine vision research, face detection is widely used in video surveillance, security and other
fields, which is a prerequisite for face recognition technology. A face detection algorithm based on Local Binary Pattern (LBP) and Sup-
port Vector Machine (SVM) is proposed to deal with the effects of complex background and illumination heterogeneity on face detec-
tion. LBP is a kind of operator which is used to describe the local texture features of images with the advantages of rotation invariance and
gray—scale invariance and its main property is that it is robust to the change of gray—scale. The algorithm uses LBP to extract the eigen-
values of the image which is classified by the classifier built by SVM algorithm. Experimental results show that it has a good detection

effect,not only solving the impact of illumination and complex background and other external conditions on the face detection,and signif-
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icantly improving the accuracy of face detection. The accuracy rate can reach more than 94% .
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