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A Method for Determination of Optimal Value in K-means
Clustering with Generalization

ZHANG Xiong,ZHAO Li-feng

(College of Science,Nanjing University of Posts and Telecommunications, Nanjing 210023 ,China)

Abstract: Aimed at the defect of K —means clustering algorithm determining the clustering number in advance which could be defined arti-
ficially and is subjective in computations, a method of determining an optimal clustering value with generalization is proposed. It is
thought that a good clustering result should have good generalization to the unknown samples. Therefore, a generalization index is de-
signed to evaluate the classification of the unknown samples in the clustering model obtained. The more the value of generalization index ,
the better the effect of clustering model. The K value corresponded by clustering model with optimal generalization is selected as the opti-
mal clustering value. In order to verify its stability and effectiveness, the experiments are carried out in optimal clustering determining
methods based on generalization based on Iris and artificial data set, which indicate that it is simple and efficient to obtain the optimal
clustering number, and has the good clustering effect.
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