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Application of Improved Shark-search Algorithm in Web Crawler

ZHANG Ling,QI Yu-juan,JIANG Hua

(College of Information Science and Engineering,Hunan First Normal University ,Changsha 410205, China)

Abstract; The Shark—search algorithm ranks Web linkages based on their topic value, which only estimates the linkage’ s value by pages’
text content and linkages’ anchor text,not taking into account the link structure of the Web and has not good enough performance in
crawling web pages including many linkages irrelevant to topic. An improved Shark—search algorithm based on topical segments has been

proposed , which segments the Web page into blocks on the basis of the page’ s structure. The linkage’ s integrated value is comprised of
the parent page’ s value,the block’s value and the linkage’ s value. Moreover, it regards the visited out links as feedback to modify the
block’ s relevance resulting with self-learning to statistical the characteristic of blocks. It has the ability of self-adjusting in the case of
topic—drift to give more chance to the linkages in the web pages more relevant to the topic. The results of experiment in Web crawler

show the algorithm proposed can well improve the precision of topical information acquisition on the basis of the classical Shark-search
and more flexibly adjusts according to actual Web resources status.
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