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Community Division Method with Structure and Attribute

WAN Xin-gui, LI Ling—juan
(School of Computer,Nanjing University of Posts and Telecommunications,
Nanjing 210003 , China)

Abstract: Most of the current methods of community division are based on structure, but the structure—based division cannot excavate the
potential relationship of community objects, which is not to find the tendencies of community variations. Therefore a community —based
partitioning algorithm ( Community Division based on Structure,CDS) has been designed which applies degree and node—Euclidean dis-
tance to divide social network. Simultaneously ,an algorithm by nonhuman (artificial) setting & —value—NPCluster algorithm ( Non Pre-
setting Cluster) —based on the community structure has been proposed, which is based on the community structures divided by CDS algo-
rithm and has improved the unsatisfactory clustering outcomes caused by the inappropriateness of random selection of initial centers and
that of K value. Thus the maximum degree nodes are chosen as a cluster center in turn and the data are merged and clustered until the aver-
age feature—Euclidean distance is less than a given threshold. Theoretical analyses and experimental results show that the proposed CDS
algorithm can effectively divide the community structures ; compared with K —means algorithm , NPCluster algorithm has higher clustering
quality and better clustering timeliness on the divided community ; the community division method based on structure and attribute is prac-
tical and effective.
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