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Improved Algorithm of Maximum Flow with
Shortest Augmenting Chain

ZHAO Li-feng,JI Ya-jin

(College of Science,Nanjing University of Posts and Telecommunications , Nanjing 210023 , China)

Abstract: The maximum network flow is a classic combinatorial optimization problem, which mainly consists of Ford-Fulkerson algo-
rithm , the shortest augmenting chain algorithm ( Dinic algorithm) and preflow push algorithm. The desired maximum flow from Ford-
Fulkerson algorithm could not be acquired because of the arbitrariness when choosing the augmented chain. The shortest augmenting chain
algorithm can find the shortest augmenting chain in the remaining layered network to avoid the augmented chain selected arbitrary , howev-
er,it needs to search again shortest augmenting chain in maximum flow when augmenting with low using rate. Aimed at this problem,a
new shortest augmenting chain repair algorithm is presented. After it has adjusted flow along the shortest augmenting chain the arc of zero
flow on the augmented chain has been removed to retain the arc that the flow zero,which select the appropriate nodes to repair shortest
augmenting chain in the remaining nodes for improving the efficiency and reducing the times of search shortest augmenting chain. The im-
proved algorithm is verified through the modeling and simulation experimental in BA scale—free network , which shows that its efficiency
is higher than the shortest augmenting chain algorithm.
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