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Abstract : In order to find the desired pictures quickly in the abundant and complex network information,a method for human upper-body
action classification based on skeleton features is proposed to improve the efficiency of the corresponding pictures. It does the pose estima-
tion for the image of human motion, acquires the “stickman” ( skeleton features) representation of the location, orientation, and size of
body parts,and describes the skeleton features with matrix form. In order to correct the scale differences caused by distance and position
changes, the feature matrix is normalized. Then the multi—classification SVM is used to train the skeleton features and obtain the classifier
which can classify different actions. The images of human motion collected are as the test data for experiments which show that its classi-
fication accuracy reaches 97.78% and it can do well in human action classification. At the same time,an image retrieval contrast experi-
ment is done on the Buffy database,which show that it has higher classification accuracy and enhance image retrieval efficiency better.
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